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[ Abstract]

Both manifestations and treatments of intracranial hemorrhage (ICH) are varied and the

effect meets bottlenecks. Recently, the artificial intelligence (Al) technology has developed rapidly. This

review aims to help clinicians understand Al technology regarding its application in ICH by systematically

reviewing the historical and current examples. Hope to stimulate the Al progress and enhance the level of

treatment in ICH in the future. Ultimately, the treatment of ICH would be precision and individualization.
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Hr5E szt R & 3A3AlE (=)

AT PEWUE F2 AN RAE  progressive muscular dystrophy(PMD)
FMINBIPK  internal carotid artery(ICA)
#AFIK  common carotid artery(CCA)
LRMLMLE  convolution neural network (CNN)
PR decision tree(DT)
PUINZS Y antiepileptic drugs(AEDs)
A S VR TR £ iE

posterior reversible leukoencephalopathy syndrome(PRES)
Bk B R diffusion tensor imaging(DTI)
BRI ALY horseradish peroxidase(HRP)
WEERERZZ W phosphate-buffered saline(PBS)
WENE e LI 3-3% % phosphatidylinositol 3-kinase(PI3K)
ik 8145  traumatic brain injury(TBI)
MBI intracranial hemorrhage (1ICH)
LU green fluorescent protein(GFP)
IR 2 follicle stimulating hormone(FSH)
2 [ FE S AR BE A i R

National Institutes of Health Stroke Scale(NIHSS)
EE S E R

Food and Drug Administration(FDA)
PRIEAE R B 20 i ik

diffuse large B cell lymphoma(DLBCL)
PR C-YJ{H  fuzzy C-means(FCM)
ki 14 11 5 Jmy A 75

Intracerebral Hemorrhage Outcomes(ICHOP)
B VE RS AE IS cerebral amyloid angiopathy(CAA)
B #LEZE T brain-computer interface( BCT)
Ml f& B Il cerebral microbleeds(CMBs)
o i A 28 7 AR TR

brain-derived neurotrophic factor(BDNF)
W R —E AL R A

- /)~ ] St -

endothelial nitric oxide synthase(eNOS)
G R A A P T e A% T

ornithine carbamyl transferase( OCT)
BeXF &2 S paired box gene 5(PAXS)
KPS1¥43  Karnofsky Performance Status(KPS)
AN DB A Naive Bayesian(NB)
M T area under the curve(AUC)
EEBML fully convolutional network(FCN)
ANTHZ ML artificial neural network(ANN)
ANTHEE  artificial intelligence( Al)
N PEFEEHHE human immunodeficiency virus(HIV)

NEED WM RN -4 5 1
Spalt-like transcription factor 4(SALL4)

1 5% 4% F A 4AE  disability adjusted life year(DALY)
R EHLE  epithelial membrane antigen(EMA)
MM S E  nerve conduction velocity(NCV)
M MA %L neuromuscular junction(NMJ)
MAERKET  nerve growth factor(NGF)
A AN AL 47 neural cell adhesion molecule(NCAM)
M ICEBTIE  neuronal nuclei( NeuN)
P TCR S FEALIT  neuron-specific enolase( NSE)
B LR G 1E nephrotic syndrome(NS)
A DML World Health Organization( WHO)
MEF  field of view(FOV)
S AR RRIE 2k

receiver operating characteristic curve(ROC [l k)
ZBRPEH 22 ML restricted Boltzman machine( RBM)
B M & AR digital subtraction angiography(DSA)
22 R JRUT AR T PG

mitogen-activated protein kinase( MAPK)



